Usage of the Context Register

e CogniMem™ supports up to 127 different contexts

e A context is equivalent to an expert trained to recognize
specific types of patterns with a specific expertise

e A context is equivalent to a recognition engine

e Multiple contexts can work together to reinforce the global and
final decision

e The allocation of neurons to a given context is made
dynamically as examples are taught. No need to partition the
network ahead of time
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Example 1: One Data Source = One Context
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Example 2: One Region of Interest = One Context
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Example 3: One Feature = One Context
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Example 4: One Scale = One Context

Sub-network with

Context =1
Scale 1 ,_E%(o%:
feature
extraction
Sub-network with
Context =2
Scale 2 /‘
> Decision

A

feature L .
extraction \

Sub-network with
Context =3

Scale 3
feature ’—E%c >

extraction

WWW.COQNLIMENL.COM



Consolidation Between Contexts
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Plurality of Contexts for Robust Decision
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